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ABSTRACT
We study the group-fair multi-period mobile facility location prob-

lems, where agents from different groups are located on a real

line and arrive in different periods. Our goal is to locate 𝑘 mobile

facilities at each period to serve the arriving agents in order to

minimize the maximum total group-fair cost and the maximum

average group-fair cost objectives that measure the costs or dis-

tances of groups of agents to their corresponding facilities across

all periods. We first consider the problems from the algorithmic

perspective for both group-fair cost objectives. We then consider

the problems from the mechanism design perspective, where the

agents’ locations and arrival periods are private. For both objec-

tives, we design deterministic strategyproof mechanisms to elicit

the agents’ locations and arrival periods truthfully while optimizing

the group-fair cost objectives and show that our mechanisms have

almost tight bounds on the approximation ratios for certain periods

and settings. Finally, we discuss the extensions of our results to the

online setting where agent arrival information is only known at

each period.
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1 INTRODUCTION
In recent decades, there has been a notable surge of applicational

and theoretical interests in facility location problems within the

fields of mechanism design and social choice. For instance, the

increased interest in these problems is due to their potential ability

to capture and model various real-world preference aggregation

scenarios (e.g., voting [4, 5, 15] and site locations [6, 16]). In the
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most general setting of facility location problems in these fields,

a social planner aims to locate facilities to serve agents that have

preferences on the facility locations within a given region in order

to optimize the total or maximum cost objective, which measures

the total or maximum distances of the agents to their allocated

facilities, respectively.

While most existing studies have focused on the static aspects

of facility location problems, recent studies [7–9, 11, 17–19] have

started to consider the multi-period aspects of the problems that of-

ten deal with locating or reallocating some forms of mobile facilities

(e.g., mobile health clinic services or blood donation centers) within

some regions over multiple periods. For example, consider a mobile

vaccination vehicle that provides certain medical services for resi-

dents, who may choose different time periods to be vaccinated at

preferred locations. Therefore, the health providers need to decide

where to locate several vehicles over different time periods. Beyond

health services, the problems can also be applied to determining

the locations of polling centers at different periods by taking into

consideration agent location preferences and availabilities [10, 12].

Finally, the multi-period mobile settings can also model problems

that are not geographical in nature (e.g., general preference aggre-

gation [1–3, 15]). We refer the readers to other related work [17]

for more relevant motivations and examples of mobile facilities.

However, there has been a lack of consideration of group fairness

in multi-period mobile studies. As a result, existing models and ap-

proaches can lead to certain groups of agents incurring significantly

higher costs than other groups of agents. Such a lack of considera-

tion is often not ideal in modern society, especially when providing

medical, polling, and education services to groups of agents from

different social and economic backgrounds. Therefore, we examine

group fairness in multi-period facility location problems, focusing

on locating facilities to serve groups of agents fairly over multiple

periods subject to group-fair cost objectives over multiple periods.

2 PRELIMINARIES
In a group-fair multi-period mobile facility location problem (GF-

MPMFLP), we have a set 𝑁 = {1, . . . , 𝑛} of 𝑛 agents, where each

agent will be served once over 𝑇 ≥ 1 periods. The agents are

partitioned into𝑚 ≥ 1 disjoint groups based on their associations

(e.g., ages, ethnicities, and needs). Let 𝐺 = {𝐺1, . . . ,𝐺𝑚} be the

set of disjoint groups of the agents. We use |𝐺𝑔 | to denote the
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total number of agents in group 𝐺𝑔 . Without loss of generality, we

assume |𝐺𝑔 | > 0 for each 𝑔 = 1, . . . ,𝑚.

Each agent 𝑖 ∈ 𝑁 has a profile 𝑟𝑖 = (𝑥𝑖 , 𝑎𝑖 , 𝑔𝑖 ) where the agent lo-
cation preference is 𝑥𝑖 ∈ R, the arrival period is 𝑎𝑖 ∈ {1, . . . ,𝑇 }, and
the group membership is 𝑔𝑖 ∈ {1, . . . ,𝑚}. A tuple 𝑟 = (𝑟1, . . . , 𝑟𝑛) is
a collection of locations, arrival periods, and group memberships.

𝑘 facilities are located to serve all the agents arriving at each

period. We denote the facility 𝑗 ’s location in period 𝑡 as 𝑓 𝑡
𝑗
∈ R, and

let 𝑓𝑡 = (𝑓 𝑡
1
, . . . , 𝑓 𝑡

𝑘
) ∈ R𝑘

be the locations of 𝑘 facilities in period 𝑡 .

A deterministic algorithm (resp. mechanism) is a function 𝐹 that

maps each tuple 𝑟 to the facility locations of all periods, i.e., 𝐹 (𝑟 ) =
(𝑓1, . . . , 𝑓𝑇 ) ∈ R𝑇×𝑘

. Given 𝐹 and a tuple 𝑟 , the cost of an agent 𝑖 is

the distance between their preferred location and the closest facility

in their arrival period, i.e., 𝑐𝑜𝑠𝑡 (𝐹 (𝑟 ), 𝑥𝑖 , 𝑎𝑖 ) = min
1≤ 𝑗≤𝑘 |𝑓 𝑎𝑖

𝑗
− 𝑥𝑖 |.

Following the existing studies of facility location problems with

group fairness [13, 14, 20], we aim to minimize two group-fair cost

objectives: the maximum total group cost (𝑚𝑡𝑔𝑐) and maximum

average group cost (𝑚𝑎𝑔𝑐). Given a tuple 𝑟 and a function 𝐹 ,𝑚𝑡𝑔𝑐

is defined as

𝑚𝑡𝑔𝑐 (𝑟, 𝐹 ) = max

1≤𝑔≤𝑚


∑︁
𝑖∈𝐺𝑔

𝑐𝑜𝑠𝑡 (𝐹 (𝑟 ), 𝑥𝑖 , 𝑎𝑖 )
 . (1)

Moreover,𝑚𝑎𝑔𝑐 is defined as

𝑚𝑎𝑔𝑐 (𝑟, 𝐹 ) = max

1≤𝑔≤𝑚

{∑
𝑖∈𝐺𝑔

𝑐𝑜𝑠𝑡 (𝐹 (𝑟 ), 𝑥𝑖 , 𝑎𝑖 )
|𝐺𝑔 |

}
. (2)

From the mechanism design perspective, because the agents’

locations and arrival periods are private, our goal is to design strat-

egyproof mechanisms to elicit their true information while simulta-

neously determining facility locations to optimize𝑚𝑡𝑔𝑐 and𝑚𝑎𝑔𝑐

objectives. Denote (𝑟 ′
𝑖
, 𝑟−𝑖 ) as the tuple 𝑟 with 𝑟 ′𝑖 in place of 𝑟𝑖 .

Definition 1. A deterministic mechanism 𝐹 is strategyproof if
for any tuple 𝑟 , any agent 𝑖 can never benefit by misreporting their
location or arrival period regardless of the profiles of other agents.
That is, for all agents, 𝑟 and 𝑟 ′

𝑖
= (𝑥 ′

𝑖
, 𝑎′

𝑖
, 𝑔𝑖 ), we have,

𝑐𝑜𝑠𝑡 (𝐹 (𝑟 ), 𝑥𝑖 , 𝑎𝑖 ) ≤ 𝑐𝑜𝑠𝑡 (𝐹 ((𝑟 ′𝑖 , 𝑟−𝑖 )), 𝑥𝑖 , 𝑎𝑖 ) .

An algorithm (resp. mechanism) 𝐹 achieves an approximation

ratio of 𝛼 for minimizing the𝑚𝑡𝑔𝑐 (resp.𝑚𝑎𝑔𝑐) in the offline setting,

if for any profile 𝑟 ,𝑚𝑡𝑔𝑐 (𝑟, 𝐹 ) ≤ 𝛼 ·𝑚𝑡𝑔𝑐 (𝑟,𝑂𝑃𝑇 ) (resp.𝑚𝑎𝑔𝑐 (𝑟, 𝐹 )
≤ 𝛼 ·𝑚𝑎𝑔𝑐 (𝑟,𝑂𝑃𝑇 )) where 𝑂𝑃𝑇 is the optimal algorithm that min-

imizes the𝑚𝑡𝑔𝑐 (resp.𝑚𝑎𝑔𝑐) in the offline setting, i.e., with com-

plete knowledge of the agents’ information at all periods. Similarly,

an algorithm (resp. mechanism) 𝐹 achieves a competitive ratio of

𝛼 for minimizing the 𝑚𝑡𝑔𝑐 (resp. 𝑚𝑎𝑔𝑐) in the online setting, if

for any profile 𝑟 ,𝑚𝑡𝑔𝑐 (𝑟, 𝐹 ) ≤ 𝛼 ·𝑚𝑡𝑔𝑐 (𝑟,𝑂𝑃𝑇 ) (resp.𝑚𝑎𝑔𝑐 (𝑟, 𝐹 )
≤ 𝛼 ·𝑚𝑎𝑔𝑐 (𝑟,𝑂𝑃𝑇 )) where 𝑂𝑃𝑇 is the optimal algorithm that min-

imizes the𝑚𝑡𝑔𝑐 (resp.𝑚𝑎𝑔𝑐) in the offline setting.

3 RESULTS
We study the group-fair multi-period mobile facility location prob-

lems (GF-MPMFLPs) from both algorithmic and mechanism design

perspectives. We summarize our contributions below for different

settings from both perspectives.

Single Facility MTGC MAGC

Single Period UB: 2 UB: 2

LB: 2 LB: 2

Multiple Periods UB: min(𝑇 + 1,𝑚) UB: 𝑇 + 1

LB: 2 LB: 2

Online Setting UB: min(𝑇 + 1,𝑚) UB: 2(𝑛 −𝑚 + 1)
LB: min(𝑇, log𝑚) + 1 LB: 𝑛 −𝑚 + 1

Multiple Facilities MTGC MAGCOffline & Online

𝑘 = 2

UB: 𝑛 −𝑚 + 2 UB: 𝑛 −𝑚 + 2

LB: max(𝑛 −𝑚 − 1, 1) LB: max(𝑛 −𝑚 − 1, 1)
𝑘 ≥ 3 ∞∗ ∞∗

∗
Anonymous mechanisms.

Table 1: Summary of mechanism approximation results. UB
and LB stand for the upper bound and lower bound.

• From the algorithmic perspective, the locations and arrival

periods of the agents are publicly known. Our contributions

are as follows.

– For the single facility setting (𝑘 = 1), we show that GF-

MPMFLPs can be solved in polynomial time using linear

programming for both𝑚𝑡𝑔𝑐 and𝑚𝑎𝑔𝑐 objectives.

– For the setting with 𝑘 facilities, we give a slice-wise poly-

nomial (𝑋𝑃 ) algorithm (i.e., solvable in time𝑛𝑓 (𝑘 ) for some

fixed parameter 𝑘 and computable function 𝑓 , where 𝑛 is

the input size) to solve the GF-MPMFLPs for both𝑚𝑡𝑔𝑐

and𝑚𝑎𝑔𝑐 objectives.

• From the mechanism design perspective, the location and

arrival period preferences of the agents are privately known

to the agents themselves. We design several mechanisms

that elicit the true locations and arrival periods of the agents

while simultaneously optimizing the𝑚𝑡𝑔𝑐 and𝑚𝑎𝑔𝑐 objec-

tives based on the agents’ reported information. Table 1

summarizes our mechanism design results.

• Weadditionally consider the online GF-MPMFLPs frommech-

anism design perspective, where the agent arrival informa-

tion is only known at each period. For the single facility

setting (𝑘 = 1), we establish almost tight bounds for the

𝑚𝑡𝑔𝑐 objective. We also show that our deterministic strate-

gyproof mechanism has a competitive ratio of 2(𝑛−𝑚+1) for
the𝑚𝑎𝑔𝑐 objective, and complement this result with a lower

bound of 𝑛 −𝑚 + 1 for the𝑚𝑎𝑔𝑐 objective. For the setting

with more facilities, we show that our previous results can

all be extended to the online version.

We refer readers to the full paper for complete results and proofs.

ACKNOWLEDGMENTS
Hau Chan is supported by the National Institute of General Medical

Sciences of the National Institutes of Health [P20GM130461], the Ru-

ral Drug Addiction Research Center at the University of Nebraska-

Lincoln, and the National Science Foundation under grants IIS:RI

#2302999 and IIS:RI #2414554. LirongXia acknowledges NSF #2450124

for support. Toby Walsh is supported by the ARC through Laureate

Fellowship FL200100204.

Extended Abstract  AAMAS 2025, May 19 – 23, 2025, Detroit, Michigan, USA 

2415



REFERENCES
[1] Kenneth Joseph Arrow, Michael D Intriligator, Werner Hildenbrand, and Hugo

Sonnenschein. 1981. Handbook of mathematical economics. Vol. 1. North-Holland
Amsterdam.

[2] Kenneth Joseph Arrow, Amartya Sen, and Kotaro Suzumura. 2010. Handbook of
social choice and welfare. Elsevier.

[3] Salvador Barberà, Faruk Gul, and Ennio Stacchetti. 1993. Generalized median

voter schemes and committees. Journal of Economic Theory 61, 2 (1993), 262–289.

[4] Duncan Black. 1948. The decisions of a committee using a special majority.

Econometrica: Journal of the Econometric Society (1948), 245–261.

[5] Jean Marie Blin and Mark A Satterthwaite. 1976. Strategy-proofness and single-

peakedness. Public Choice (1976), 51–58.
[6] Hau Chan, Aris Filos-Ratsikas, Bo Li, Minming Li, and Chenhao Wang. 2021.

Mechanism Design for Facility Location Problems: A Survey. In Proceedings of
the Thirtieth International Joint Conference on Artificial Intelligence, IJCAI-21,
Zhi-Hua Zhou (Ed.). International Joint Conferences on Artificial Intelligence

Organization, 4356–4365. https://doi.org/10.24963/ijcai.2021/596 Survey Track.

[7] Da Qi Chen, Ann Li, George Z Li, Madhav Marathe, Aravind Srinivasan, Leonidas

Tsepenekas, and Anil Vullikanti. 2023. Efficient and equitable deployment of mo-

bile vaccine distribution centers. In Proceedings of the Thirty-Second International
Joint Conference on Artificial Intelligence. 64–72.

[8] Bart De Keijzer and Dominik Wojtczak. 2022. Facility reallocation on the line.

Algorithmica (2022), 1–28.
[9] Erik D Demaine, MohammadTaghi Hajiaghayi, Hamid Mahini, Amin S Sayedi-

Roshkhar, Shayan Oveisgharan, and Morteza Zadimoghaddam. 2009. Minimizing

movement. ACM Transactions on Algorithms (TALG) 5, 3 (2009), 1–30.
[10] Michal Feldman, Amos Fiat, and Iddan Golomb. 2016. On voting and facility

location. In Proceedings of the 2016 ACMConference on Economics and Computation.
269–286.

[11] Dimitris Fotakis, Loukas Kavouras, Panagiotis Kostopanagiotis, Philip Lazos,

Stratis Skoulakis, and Nikos Zarifis. 2021. Reallocating multiple facilities on the

line. Theoretical Computer Science 858 (2021), 13–34.
[12] Moshe Haspel and H Gibbs Knotts. 2005. Location, location, location: Precinct

placement and the costs of voting. The Journal of Politics 67, 2 (2005), 560–573.
[13] Jiaqian Li, Minming Li, and Hau Chan. 2024. Strategyproof Mechanisms for

Group-Fair Obnoxious Facility Location Problems. In Proceedings of the AAAI
Conference on Artificial Intelligence, Vol. 38. 9832–9839.

[14] Michael T Marsh and David A Schilling. 1994. Equity measurement in facility

location analysis: A review and framework. European journal of operational
research 74, 1 (1994), 1–17.

[15] Hervé Moulin. 1980. On strategy-proofness and single peakedness. Public Choice
35, 4 (1980), 437–455.

[16] Ariel D Procaccia and Moshe Tennenholtz. 2013. Approximate mechanism design

without money. ACM Transactions on Economics and Computation (TEAC) 1, 4
(2013), 1–26.

[17] S Raghavan, Mustafa Sahin, and F Sibel Salman. 2019. The capacitated mobile

facility location problem. European Journal of Operational Research 277, 2 (2019),

507–520.

[18] YuhoWada, Tomohiro Ono, Taiki Todo, andMakoto Yokoo. 2018. Facility Location

with Variable and Dynamic Populations.. In AAMAS. 336–344.
[19] XuezhenWang, Vincent Chau, HauChan, Chi Kit Ken Fong, andMinming Li. 2023.

Multi-Stage Facility Location Problems with Transient Agents. In Proceedings of
the AAAI Conference on Artificial Intelligence.

[20] Houyu Zhou, Minming Li, and Hau Chan. 2022. Strategyproof Mechanisms

for Group-Fair Facility Location Problems. In Proceedings of the Thirty-First
International Joint Conference on Artificial Intelligence, IJCAI-22, Lud De Raedt

(Ed.). International Joint Conferences on Artificial Intelligence Organization,

613–619. https://doi.org/10.24963/ijcai.2022/87 Main Track.

Extended Abstract  AAMAS 2025, May 19 – 23, 2025, Detroit, Michigan, USA 

2416

https://doi.org/10.24963/ijcai.2021/596
https://doi.org/10.24963/ijcai.2022/87

	Abstract
	1 Introduction
	2 Preliminaries
	3 Results
	References



